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Abstract

Our paper investigates the long-term implications of stock market concentration for income dis-

tribution, using a panel dataset of 46 countries between 1989 and 2016. We find that greater stock

market concentration — measured by the market capitalization share of the top 10 firms — is pos-

itively associated with rising income inequality. This relationship is robust across multiple measures

of inequality, including the Gini coefficient, the income shares of the top 1% and top 10%, and the

declining share of the bottom 50%. The results hold after controlling for macroeconomic factors, finan-

cial development, and both country and time fixed effects. Our findings indicate that equity market

structures have important distributive implications. Concentrated markets appear to disproportion-

ately benefit top-income groups, reflecting unequal ownership of financial assets and the excess gains

of dominant firms. At the same time, stock market concentration is associated with declining income

shares for the bottom half of the population, suggesting a redistribution of economic gains from the

bottom to the top. We also explore the role of financial development and uncover a non-linear, U-

shaped relationship with inequality: while financial expansion reduces inequality at early stages, more

advanced financial systems tend to reinforce it. This pattern, which contrasts with earlier literature on

the finance-inequality nexus, may reflect recent trends in financialization and capital market dynamics

that increasingly favor high-income groups.
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1 Motivation and Research Question

Stock market concentration has emerged as one of the defining structural features of global financial

markets today. In the U.S., the top ten firms now account for more than 34% of the S&P 500’s

market capitalization—levels not seen since the dot-com era (Stern et al., 2024; Lamont et al.,

2024). Industry experts increasingly warn that this extreme concentration could amplify systemic

risk, reduce diversification, and distort capital allocation (Aliaga, 2024; Lakos-Bujas, 2024). Yet, a

critical dimension of this trend has received considerably less attention: its long-term implications

for income inequality.

Capital markets are not passive intermediaries—they shape who gets financed, who grows, and

who falls behind. In concentrated equity markets, dominant firms benefit from cheaper capital,

preferential investor flows, and policy influence, while smaller firms face persistent barriers to

entry. Over time, these dynamics undermine competition and reduce economic mobility. Bae

et al. (2021) show that stock market concentration reduces IPO activity, slows innovation, and

distorts capital allocation toward incumbent firms. Neuhann and Sockin (2024) offer a theoretical

model in which concentration generates investment misallocation, endogenous illiquidity, and long-

run inefficiency. These findings suggest that the concentration of capital not only erodes market

dynamism but may also entrench inequality by limiting access to opportunity and suppressing

upward mobility. Theoretical frameworks from the political economy of finance (Rajan & Zingales,

2003) and creative destruction (Aghion et al., 2005) suggest that such structures may entrench

inequality by locking in the advantages of incumbent firms and their shareholders. Yet, despite

this theoretical foundation, there is little cross-country empirical work that directly examines this

relationship.
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Our paper fills an important gap in the finance-inequality nexus by exploring how stock market

concentration affects income distribution across a panel of 46 countries from 1989 to 2016. Utiliz-

ing a variety of income inequality measures, while controlling for financial development, macroe-

conomic fundamentals, and institutional factors, we find that higher stock market concentration

is significantly associated with rising income inequality. Our results are robust among different

specifications for income inequality and financial development measures.

As policymakers, economists, and institutional investors confront the interconnected challenges

of rising inequality and expanding corporate dominance, this paper offers timely evidence on the

importance of capital market design. In that sense, our work provides evidence that the architecture

of financial markets — not just their depth, access or efficiency — constitutes a critical channel

through which financial systems shape distributive outcomes. Even in well-capitalized markets,

the degree of concentration plays a key role in determining who gains and who is left behind.

2 Literature Review

2.1 Financial Development and Inequality

Early theoretical work established ambiguous predictions for how financial development affects

income inequality. Classical models by Greenwood and Jovanovic (1990) and others suggested an

inverted-U “Kuznets curve” relationship, where inequality first rises then falls as finance expands.

In contrast, many empirical studies find monotonic effects. For example, Beck, Demirguc-Kunt

and Levine (2004) document in a broad cross-country sample that deeper financial intermediary

development reduces inequality by disproportionately boosting incomes of the poor. Their evi-
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dence of finance’s pro-poor growth impact supports the view that improved credit access helps

equalize opportunities. Consistent with this, Claessens and Perotti (2007) emphasize that greater

financial inclusion – via credit and insurance access – can narrow inequality, while also noting that

entrenched elites might stifle financial development to preserve rents (a political economy channel).

Not all evidence aligns with a benign view of finance. Some research finds that beyond a point,

finance may exacerbate inequality. Jauch and Watzka (2016), using panel data for 138 countries

with 2SLS techniques, find that higher private credit-to-GDP is associated with increases in income

inequality. Similarly, Roine, Vlachos, and Waldenström (2009) show that financial development is

“pro-rich”: expansions of stock markets tended to raise top income shares in advanced economies

over the 20th century. These divergent findings hint at nonlinearities or structural differences. Re-

cent work attempts to reconcile them. Brei, Ferri, and Gambacorta (2023) examine 97 economies

and report a non-monotonic pattern: up to a point, financial deepening lowers inequality, but

at high levels of financial development, further expansion via capital markets increases inequality

whereas bank-based expansion does not. In other words, who benefits from finance depends on

the structure: deeper stock markets vs. banking sector growth can have opposite distributional

effects. This resonates with Hsieh, Chen and Lin’s (2019) finding that a more market-oriented fi-

nancial system (relative to bank-dominated) correlates with less inequality, while greater banking

concentration worsens it. Overall, the literature underscores that financial development’s impact

on inequality is nuanced – it may lift the poor and reduce inequality in earlier stages , but past a

threshold, further financialization (especially via securities markets) can concentrate income and

wealth at the top. This motivates more granular inquiry into which aspects of finance drive inequal-

ity under different conditions. Key gaps remain in pinning down causality (beyond correlations)

and in distinguishing channels (e.g. credit access for the poor vs. rent extraction by the wealthy).
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These gaps set the stage for examining specific facets of finance – such as the composition of finance

or institutional context – in shaping inequality.

2.2 Finance and Inequality: Equity Participation, Returns to Capital,

and Income Dynamics

A complementary strand of literature focuses on the mechanisms linking financial markets to house-

hold income dynamics – for instance, who owns financial assets and how returns on those assets are

distributed. One important theme is stock market participation. Only a subset of households own

equities, and this limited participation means that asset price booms may widen wealth inequality.

Using an overlapping-generations asset-pricing model, Favilukis (2013) demonstrates that the rise

in stock ownership rates alongside greater income inequality can explain several macro trends (a

stock boom, declining risk-free rates) and, crucially, that stock market participation played a “ma-

jor role in increasing wealth inequality” in recent decades. Intuitively, when only higher-income

households hold stocks, any excess returns accrue primarily to them. Melcangi and Sterk (2024)

further show that the degree of stock participation materially alters macroeconomic outcomes: in

their monetary business-cycle model, a low participation rate amplifies the differential impacts

of monetary policy on rich vs. poor, affecting inequality. This line of work highlights that the

distribution of financial asset ownership is a key parameter governing inequality dynamics. Indeed,

Gans et al. (2019) combine theory and microdata to argue that when shareholding is far more

concentrated than consumption, increases in corporate profits or monopoly mark-ups will favor

the wealthy. In the United States, they note the top 20% of households consume roughly the same

total as the bottom 60%, yet hold 13 times as much corporate equity – implying that any rise
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in profit shares disproportionately rewards the rich. This mechanism can exacerbate inequality

when market power increases, a point we revisit below. Another body of research examines how

the source of inequality – whether it comes from labor income or capital income – influences asset

returns and macrofinancial stability. Markiewicz and Raciborski (2022) find that changes in the eq-

uity risk premium depend on the source of rising inequality. Their work, set in a calibrated general

equilibrium model, suggests that an inequality increase driven by greater capital income (profits,

dividends) may have different implications for asset pricing than one driven by wage dispersion.

These nuances matter for understanding feedback loops between inequality and finance. Relatedly,

theoretical research has started to integrate long-run inequality trends into growth models. For ex-

ample, Bretschger et al. (2012) develop a unified growth model (spanning decades if not centuries)

where technological change and even environmental policy can shape inequality outcomes. While

not centered on financial markets per se, such models provide insight into how economic forces (like

innovation or climate policy) might have distributional effects that interact with financial factors

(e.g. through returns to new vs. old capital). In summary, this second strand emphasizes that

financial markets are not a neutral conduit – who participates and how returns are allocated are

central to inequality. Equity markets exhibit extreme positive skewness in returns, as documented

by Bessembinder (2018): in the U.S. from 1926–2016, just 4% of listed firms accounted for the

entire net wealth creation of the stock market, while the other 96% collectively barely matched the

return on Treasury bills. This skew implies that investors fortunate or wealthy enough to hold the

“superstar” stocks realize outsized gains, contributing to wealth concentration. Together, these

studies point to a potential vicious cycle: high inequality can alter asset price dynamics , and

conversely, the structure of asset ownership and returns can amplify inequality. However, much of

this work is theoretical or based on stylized models – there remains a need for empirical analysis
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connecting these mechanisms to real-world data, especially in emerging contexts.

2.3 Bank Competition, Concentration, and Inequality

A large literature explores how the structure of the banking sector – the degree of competition

or concentration – impacts economic opportunities and income distribution. The classic hypoth-

esis is that more competitive banking (less concentration) improves access to credit for smaller

firms and lower-income borrowers, thereby leveling the playing field. Empirical evidence gener-

ally supports this. Pioneering work by Cetorelli and Strahan (2006) showed that concentrated

local banking markets act as a barrier to entry for new firms: when a few banks dominate, they

tend to favor established (typically larger) firms, limiting credit to startups. Conversely, increased

competition through bank deregulation in the U.S. spurred entry of new firms and boosted small

business activity, effects that likely enhanced income mobility and reduced regional inequality.

Along similar lines, Bonaccorsi di Patti and Dell’Ariccia (2004) found in Italian data that higher

banking concentration correlates with fewer new firm creations, whereas competition facilitates

entrepreneurship. Cornaggia et al. (2015) provide complementary evidence that U.S. banking

deregulation (which intensified competition) relaxed credit constraints on small and young firms,

resulting in more innovation. This suggests bank competition can indirectly reduce inequality by

enabling more widespread innovation and job creation at new firms (rather than rents accruing

only to incumbents). Household-level and aggregate studies likewise indicate that bank competi-

tion has egalitarian effects. Delis et al. (2014) report that banking system reforms which improve

efficiency – e.g. easing entry barriers, strengthening competition – are associated with decreases

in income inequality. The mechanism is that competitive banking lowers borrowing costs and
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expands financial services to previously credit-rationed groups. A recent within-country anal-

ysis by Coccorese and Dell’Anno (2024) corroborates this: studying 103 Italian provinces over

2000–2018, they find that greater local banking development (more branches and lending relative

to population) reduces income inequality. Notably, they adjust inequality measures for tax eva-

sion and use instrumentation to address endogeneity, lending credibility to a causal interpretation.

There is also evidence that excessive concentration in banking can worsen inequality. Using cross-

country panel methods, Hsieh, Chen and Lin (2019) show that less banking competition (higher

concentration) is linked to significantly higher inequality, especially in advanced economies and

in times of crisis. However, some findings complicate the picture. Cetorelli (2004) noted that

in some cases banking concentration might facilitate relationship lending that promotes growth

of certain industries (paradoxically, higher concentration was associated with larger firm size in

those sectors). Similarly, Bonaccorsi di Patti and Dell’Ariccia observed a positive link between

concentration and industrial growth in sectors most dependent on external finance. These results

align with an older “information hypothesis” that a concentrated banking sector with monopolistic

rents might have greater capacity to invest in costly screening/monitoring, potentially benefiting

some borrowers. But from an inequality standpoint, those benefits seem to accrue to a narrow

set of firms/individuals (likely not the financially excluded). Indeed, Brei et al. (2023) reconcile

these contrasts by distinguishing how finance grows: when credit expansion occurs via a few large

banks, the gains may bypass the broader population, whereas fostering competition or stock mar-

ket access tends to spread benefits more evenly. On net, the evidence tilts toward the view that

bank competition is inequality-reducing. It expands credit to underserved borrowers, encourages

new firm entry, and lowers the cost of finance for small businesses – all of which can raise incomes

in lower segments of the distribution. The policy implication is that measures to prevent excessive
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bank concentration (e.g. anti-trust enforcement in banking, encouraging new entrants or fintech

alternatives) could have social benefits in terms of equity. A caveat is that banking competition

must be balanced with prudential oversight; extremely fierce competition might erode lending

standards and lead to crises, which themselves often hurt the poor the most. Some studies indeed

find that financial crises shrink top incomes (the rich lose capital income), temporarily compressing

inequality, though crises clearly are not a desirable method of redistribution.

2.4 Market Concentration and Inequality in the Real Economy

Beyond the financial sector, increasing concentration in product markets and industries has raised

concerns about its impact on inequality. The past few decades have seen many industries become

dominated by a handful of “superstar” firms, which often enjoy high profit margins. This trend can

affect inequality through multiple channels: by shifting income from labor to capital, by creating

winners-take-most dynamics among firms, and by influencing the spatial or skill distribution of

jobs. Autor et al. (2020) have documented the declining labor share of income in concentrated

industries, suggesting that monopoly/oligopoly power allows firms to capture more value at the

expense of workers. In terms of individual incomes, a concentrated market may result in outsized

rewards for the owners and executives of dominant firms, widening the gap between top earners

and the rest. Formal analysis by Gans et al. (2019) lends support to these concerns. They point

out that while monopoly pricing hurts consumers broadly, the benefits of those higher prices (in the

form of profits) accrue to shareholders – who are typically wealthier. Because share ownership is far

more unequally distributed than consumption, market concentration tends to increase inequality.

Their empirical calculations for the US indicate that the top 1% and top 20% wealth groups stand to
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gain disproportionately from increases in markups, whereas the bottom 80% lose more in consumer

surplus than they gain in any equity holdings. In effect, concentrated markets act like a regressive

transfer: money flows from a dispersed base of consumers/workers to a concentrated set of owners.

Hotchin and Leigh (2024) provide new evidence consistent with this in the Australian context.

They examine the industries in which Australia’s richest individuals acquired their fortunes and

find these industries have markedly higher concentration ratios than the economy-wide average.

Moreover, as Australian product markets have consolidated from 1990 to 2020, an increasing

share of top fortunes are being made in highly concentrated sectors. This suggests that market

power and wealth accumulation at the top are closely linked. Their results imply that rising

industry concentration can contribute to the surge in top wealth shares – a pattern likely mirrored

in other countries with similar “winner-take-all” dynamics. In addition to these distributional

effects, market concentration can have indirect effects on inequality via innovation and growth.

On one hand, dominant firms with large profits might invest heavily in RD, potentially spurring

growth and new technologies that benefit society. On the other hand, Hou and Robinson (2006)

find that firms in more concentrated industries actually earn lower average stock returns (even

controlling for risk factors) , consistent with the idea that such firms face less uncertainty and

enjoy entrenched rents. Lower required returns mean investors are willing to pay a premium for

these firms’ stable profits, essentially capitalizing the expectation of persistent monopoly rents.

This reflects a transfer of wealth to incumbent firm owners, and it can also signal less dynamism.

If high concentration stifles entry of new competitors, it may slow job creation and wage growth for

middle-class workers. Indeed, there is evidence that periods of rising concentration coincide with

fewer startups and less labor market fluidity (e.g. fewer opportunities for workers to switch jobs for

higher pay), which can entrench income inequality. The work of Cornaggia et al. (2015) indirectly
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speaks to this: by showing that greater banking competition leads to more innovation by small

firms, it implies that lowering barriers (financial or otherwise) allows more competitors to challenge

incumbents, likely yielding more widely shared gains. Conversely, a concentrated real economy

without competitive pressure could lead to unequal outcomes – high gains for a few, stagnation

for others. In sum, the literature on industry concentration suggests it is a contributing factor

to inequality, primarily through rent concentration and reduced labor share. Empirical research

is still catching up to recent trends – many studies are underway to quantify how much of rising

inequality can be explained by increased market power of firms. The consensus emerging is that

while globalization and technology matter, market concentration and reduced competition have

materially tilted the distribution of income toward capital owners. From a policy perspective, this

raises the importance of competition policy (antitrust enforcement, regulation of monopolies) as a

tool not just for efficiency but for equity.

2.5 Stock Market Concentration and Inequality

The question of stock market concentration – meaning the degree to which a national stock market’s

capitalization or returns are dominated by a few mega-firms – has only recently gained attention.

This issue ties together elements of the prior sections: it reflects real-economy concentration (since

big firms dominate market cap) but also encapsulates financial factors like investor portfolios and

asset returns. A highly concentrated stock market could have several inequality-relevant conse-

quences. First, if a handful of firms account for most stock market wealth and gains, then the

benefits of equity ownership will accrue mainly to those holding those particular stocks. Given that

richer investors tend to hold more diversified portfolios (and a larger share of stock wealth overall),
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they are more likely to own the “winners” in a concentrated market. In contrast, small investors

with index funds or undiversified holdings might miss out. Bessembinder (2018) quantifies the

extreme skew: over the long run, the best-performing 4% of listed companies generated the entire

net wealth increase in the U.S. stock market, whereas the other 96% of stocks collectively just

matched the return of short-term Treasury bills. This finding implies that owning even an average

slice of the stock market (let alone missing the top 4%) yields modest gains, whereas capturing

the big winners delivers massive wealth growth. Such dynamics naturally favor those investors

with substantial equity exposure and professional management – typically affluent households and

institutional investors. It underscores how stock market concentration can translate into wealth

concentration. Recent empirical work has started to examine macro-level effects of stock market

concentration. Bae et al. (2021) assemble data from 47 countries over three decades and docu-

ment that stock markets dominated by a few star firms tend to perform worse on broader economic

metrics. Specifically, greater stock market concentration is associated with less efficient capital al-

location, fewer IPOs, lower innovation, and slower overall growth. These findings, published in the

Journal of Financial Economics, suggest a paradox: even in competitive economies, a very concen-

trated stock market (where a few firms attract most investor capital) can undermine competition

and dynamism in the real economy. Although Bae et al. do not directly measure inequality, the

implications are clear – a sluggish IPO market and suppressed innovation could mean fewer new

firms and jobs, harming income growth for the broader population. In other words, stock market

concentration may entrench the dominance of incumbent firms, mirroring the inequality-increasing

effects of product market concentration discussed earlier. On the theoretical side, Neuhann and

Sockin (2024) develop a general equilibrium model to investigate financial market concentration.

They show that when trading and ownership of equities become concentrated among a small group
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of investors, it can lead to misallocation of capital in the economy. In their model, “crowding” of

investment into a few assets/firms with price impact distorts efficient investment decisions. While

their focus is allocative efficiency, one can infer distributional consequences: misallocation often

means foregone growth or employment that would have benefited wider segments of society. If

capital chases the same few firms, smaller firms (which might employ more middle-class labor or be

owned by middle-class entrepreneurs) struggle to obtain financing. Thus, the model of Neuhann

and Sockin provides a mechanism by which stock market concentration could harm equality of

opportunity and outcomes. It is instructive to put current U.S. stock market concentration in

historical perspective. Fears about today’s “FAANG”-dominated market (with five to seven tech

giants comprising 25–30% of S&P 500 capitalization) are often voiced. Yet, Schlingemann and

Stulz (2022) show that mid-20th century markets were even more top-heavy. In the 1950s–60s,

just the top 3 stocks comprised roughly 28% of total market cap – about equivalent to the top 7

stocks’ share today. The largest single stock (AT&T) was 13% of the market in 1960, compared

to 7% for Apple recently. They also find that the largest public firms of earlier eras had far

larger employment footprints (e.g. GM in 1953 employed over 1.3% of the US workforce, whereas

Apple in 2019 was only 0.1%). This historical comparison suggests that while current concentra-

tion is high by recent standards, the economic dominance of superstar firms (and hence potential

inequality effects) was substantial in the past as well. One difference, however, is in the role of

public corporations in the economy. Kahle and Stulz (2017) document that the number of U.S.

public companies has fallen by 50% since 1997, and those that remain are older, larger, and more

profitable on average. Strikingly, the top 200 public firms by profits now earn as much as all the

other public firms combined. This profit concentration indicates that public equity markets have

become a venue where a small set of firms capture enormous value. For inequality, this means the
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gains from equity (dividends, capital gains) are coming disproportionately from a narrow set of

firms – again likely accruing to a narrow set of shareholders. The shrinking number of listings also

implies fewer opportunities for broad-based wealth creation through new public offerings. Kahle

and Stulz discuss several reasons for these trends (technology, globalization, M&A, the rise of pri-

vate equity), but an implicit consequence is the intensification of stock market concentration and

its attendant distributional implications. In summary, stock market concentration is an emerging

focal point linking finance and inequality. The literature so far (Bae et al., 2021; Bessembinder,

2018; Schlingemann & Stulz, 2022) suggests that when equity markets become highly concentrated,

it can reflect and reinforce broader inequalities – by skewing wealth gains to a few firms/investors

and by dampening the competitive, growth-generating function of capital markets. However, direct

empirical evidence on the inequality impact of stock market concentration remains sparse. This is

a gap our study aims to fill. We have assembled new data on stock market concentration across

countries and time, and we employ a formal econometric strategy to estimate its effect on income

and wealth inequality. By bridging the above strands of literature, our work will clarify whether

a concentration of market capitalization in a few firms indeed translates into greater income and

wealth gaps (and through what channels). In doing so, we connect the insights from financial

development, banking, and industrial organization research to provide a more complete picture of

how the evolving structure of capital markets influences economic inequality – the core empirical

contribution of our paper.
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3 Methodology

3.1 Data

Our paper examines a panel dataset of 46 countries1 over the period 1989-2016. Table 1 provides

definitions and data sources for the main variables used in the empirical analysis. The dataset

includes key measures of income inequality (Gini, top 1% [P99], top 10% [P90], and bottom 50%

[P50] income shares), as well as, stock market concentration among the top 10 firms (SMC), stock

market capitalization as a percentage of GDP (SMCap), the asset share of the largest banks (BC),

and the stock market turnover ratio (SMT). We also include the IMF’s Financial Development

Index (FD), which serves as a comprehensive indicator of financial depth, access, and efficiency.

Lastly, we control for macroeconomic factors: gross domestic savings, inflation (GDP deflator),

trade openness, and per capita GDP growth. Most variables are sourced from the World Bank’s

World Development Indicators (WDI) and the World Federation of Exchanges, while income in-

equality measures are drawn from the World Inequality Database (WID) and financial development

indices are drawn from the IMF database.

[INSERT Table 1]

Table 2 reports the aggregate summary statistics for the full sample of country-year observa-

tions. The average Gini index across the sample is 36.4, with a range from 22.9 to 64.8, capturing a

wide spectrum of income inequality levels across advanced and developing economies. The income

shares of the top 1% (P99) and top 10% (P90) populations average 14.2% and 41.4%, respectively,

1List of countries in the sample: Argentina, Australia, Austria, Bangladesh, Belgium, Brazil, Canada, China,
Colombia, Denmark, Egypt, Arab Rep., Finland, France, Germany, Greece, Hong Kong SAR, China, Hungary,
India, Indonesia, Ireland, Israel, Italy, Japan, Kenya, Korea, Dem. People’s Rep., Malaysia, Mexico, Morocco,
Netherlands, New Zealand, Norway, Pakistan, Peru, Philippines, Poland, Portugal, Romania, Singapore, South
Africa, Spain, Sri Lanka, Sweden, Switzerland, Thailand, Turkiye, United Kingdom, United States.
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while the bottom 50% (P50) holds an average of 17.1%. These figures reflect persistent disparities

in income distribution across countries and time. Stock market concentration (SMC), measured

by the share of market capitalization held by the top 10 firms, averages 49.4%, with a range from

3.2% to 91.0%. Stock market capitalization as a share of GDP (SMCap) has a mean of 82.2%

but a maximum of over 1,700%, likely driven by financial centers such as Hong Kong or Singapore

where global firms are listed relative to a small domestic economy.

Financial development and market size indicators also display large disparities. Stock market

capitalization as a share of GDP (SMCap) has a mean of 82.2% but a maximum of over 1,700%,

likely driven by financial centers such as Hong Kong or Singapore where global firms are listed

relative to a small domestic economy. Stock market turnover (SMT) also exhibits extreme out-

liers, with a mean of 206% and a maximum exceeding 165,000%, potentially reflecting short-term

speculative activity, or extreme liquidity events in small or offshore markets. Inflation ranges from

-6.0% to over 6,200%, implying episodes of hyperinflation.

[INSERT Table 2]

Panel A of Table 3 presents the average values by country for the main variables in our dataset.

We observe substantial cross-country variation in income inequality, with Gini coefficients rang-

ing from around 26 (e.g., Denmark, Norway) to over 60 (e.g., South Africa, Brazil). This is con-

sistent with the documented differences between more egalitarian advanced economies and highly

unequal developing countries. The income shares of the top 1% (P99) and top 10% (P90) are gen-

erally higher in countries with high Gini coefficients, as expected. For instance, Brazil and South

Africa show both high Gini indices and top-income shares, pointing to persistent elite income

capture. In contrast, countries like Austria, Finland, and Sweden have lower Gini and top-share

values, consistent with their stronger redistributive institutions.
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Panel B of Table 3 reports Pearson correlation coefficients among the main variables. Several

interesting relationships emerge. First, the correlation between stock market concentration (SMC)

and inequality measures is positive but relatively weak (e.g., 0.05 with Gini, 0.07 with P99 and

P90), and not statistically significant at the 5% level. In countries like the U.S., China, and India,

where concentration is high and Gini is elevated, there may be reinforcing mechanisms at play:

dominant firms controlling access to capital markets, commanding wage premiums at the top, and

lobbying for policies that entrench inequality. Theoretically, this aligns with the political economy

view of concentration, where powerful firms accumulate both economic and political capital, affect-

ing distributional outcomes beyond what market forces alone would predict. Interestingly, stock

market concentration (SMC) is only weakly correlated with market capitalization (SMCap) (0.22)

and turnover ratio (SMT) (-0.01), suggesting that market concentration is not directly related to

market size or liquidity.

[INSERT Table 3]

Bank concentration (BC) is negatively correlated with inequality (-0.31), in contrast to the

effect of stock market concentration. This could reflect the stabilizing role of dominant banks in

certain countries. Trade openness, highly correlated with SMCap and FD, also correlates negatively

with Gini (-0.41), suggesting that integration into global markets may constrain domestic rent-

seeking and enhance competition. GDP per capita growth is weakly correlated with Gini (0.04, not

significant), reinforcing findings from literature that growth alone does not guarantee a reduction

in inequality without attention to structural and institutional factors.

In terms of the financial development index (FD), it is negatively correlated with Gini (-0.41),

supporting the view that more advanced financial markets can reduce inequality by improving

access to credit and investment opportunities. Similarly, savings rates and trade openness show
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negative correlations with inequality, consistent with standard growth and development theories.

Inflation is positively correlated with Gini (0.20), suggesting that macroeconomic instability may

disproportionately hurt lower-income households, either through erosion of real wages or reduced

access to hedging mechanisms. This aligns with results from empirical literature showing that

inflation is often regressive.

3.2 Model

We estimate the effect of stock market concentration on income inequality by regressing various

inequality measures for the country c in year t on lagged values of stock market concentration and

other indicators of financial development from year (t− 1). Lagging all key explanatory variables

by one period (t–1) helps reduce the simultaneity bias and allows for a more credible interpretation

of the relationship between stock market concentration and income inequality. Since inequality

evolves gradually and reflects cumulative institutional and market forces, using lagged regressors

ensures that market structure precedes observed distributional outcomes. This timing structure

also helps to address potential reverse causality, where rising inequality could, in turn, influence

stock market concentration or financial development.

To address potential omitted variable bias, we include both country- and time- fixed effects

in our benchmark specification. Country-fixed effects control for time-invariant characteristics

such as legal institutions, political history, or social norms that might jointly affect inequality

and financial structure. Time-fixed effects take into account global shocks, structural breaks, and

common international trends, such as changes in capital flows, global interest rates, or regulatory

shifts, that could simultaneously influence all countries in a given year. This two-way fixed effects
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design allows us to isolate within-country variation over time while controlling for unobserved

heterogeneity across countries and time.

In addition, we estimate our model without time-fixed effects. We do so for several reasons.

First, stock market concentration tends to evolve slowly, with limited year-to-year volatility. In-

cluding time-fixed effects may therefore absorb much of its variation, attenuating the estimated

coefficients. Second, there is a risk of overcontrolling, where time effects capture some of the very

mechanisms we seek to study, thereby biasing results downward or masking meaningful dynamics.

Lastly, our panel includes a relatively small number of time periods, therefore including a full set

of year-fixed effects may reduce degrees of freedom and inflate standard errors. Removing time

effects in this context serves as a robustness test that complements our main specification, by

testing whether our results would hold even without common-time controls.

Our benchmark panel regression model is as follows:

Inequalityc,t = β0 + β1 SMCc,t−1 + β2 SMCapc,t−1 + β3 SMTc,t−1

+ β4 FDc,t−1 + β5 BCc,t−1

+ β6 (SMC× SMCap)c,t−1 + β7 (SMC× BC)c,t−1

+
∑
i

γi Controlsc,i,t +
∑
j

ϕj CountryDummyj +
∑
k

ψk YearDummyk + εc,t

(3)

In line with relevant literature, we add the following macroeconomic control variables to the re-

gressions: Savings, which is Gross Savings divided by GDP; Inflation, which is inflation rate based

on GDP deflator; Trade, which is the sum of exports and imports as a share of GDP; and GDP

Growth, which is the per capita GDP growth rate. We cluster standard errors by country. Stock
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market concentration and the other financial market characteristics are lagged by one subperiod.

We include interaction terms between stock market concentration and two key financial struc-

ture variables—bank concentration and stock market capitalization—to assess whether the in-

equality effects of concentration are conditional on the size and composition of the financial sys-

tem. The SMC × SMCap interaction captures whether the effect of concentration differs in larger

versus smaller equity markets. In deep markets, high concentration might reflect successful scaling

and efficient capital allocation, whereas in shallow markets, it may reflect limited firm access and

low competition. A significant interaction would suggest that the size of the market moderates

the link between concentration and inequality. The SMC × BC interaction tests whether the

structure of the banking sector alters the concentration-inequality relationship. In countries with

highly concentrated banking sectors, the combination of equity and banking concentration might

reinforce the dominance of incumbents. Alternatively, if banks serve as an offsetting source of

capital access, high bank concentration might mitigate the exclusionary effects of stock market

concentration.

4 Results

We begin with plots and regressions for a broad look at the correlation between stock market

concentration and income inequality. Figure 1 shows that the average level of stock market con-

centration across countries has decreased modestly over the past two decades, indicating a slight

decrease in the dominance of the largest firms. However, the empirical analysis that follows re-

veals that periods of higher stock market concentration within individual countries are associated

with subsequent increases in income inequality, even after accounting for country- and time-fixed
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effects. This suggests that even short-term or relative increases in stock market concentration

within countries can have lasting distributive consequences, particularly in institutional contexts

with weak constraints on market power.

[INSERT Figure 1]

Figure 2 plots the residuals of Gini coefficients and Stock market concentration of the top 10

firms, generated by regressing them on the control variables and country fixed effects. We find an

upward slope, which indicates that, even after accounting for structural factors and time-invariant

country characteristics, residual stock market concentration of the top 10 firms is systematically

associated with residual income inequality.

[INSERT Figure 2]

Next, through Tables 4-8, we present the regressions for a more formal analysis. In all ta-

bles, Columns (a) to (d) include both time- and country-fixed effects, while Columns (e) to (h)

include only country-fixed effects. We control for macroeconomic factors in all specifications. To

explore whether the effect of stock market concentration depends on other structural characteris-

tics, we include interaction terms. Specifically, columns (b) and (f) include interactions of stock

market concentration with stock market capitalization; columns (c) and (g) include interactions

of stock market concentration with bank concentration; columns (d) and (h) include both types of

interaction terms.

Table 4 presents regression estimates for the Gini index. The key result is that stock market

concentration (SMC) is positively associated with the Gini index. Across all specifications, the

coefficient on SMC is positive and statistically significant either at the 10% or the 5% level, even

after controlling for other macro-financial variables and fixed effects. In terms of financial devel-

opment (FD), across all specifications, we observe a strong, negative, and highly significant effect
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on the Gini coefficient. This relationship holds even after accounting for stock market dynamics,

bank concentration, macroeconomic variables, and fixed effects, pointing to the independent role

of institutional financial infrastructure in mitigating inequality.

In terms of the interaction terms, although we find no significance in any of our specifications

in Table 4, the negative sign of some of the interaction terms suggests an interesting hypothesis:

high stock market concentration may be less harmful in large liquid markets where smaller firms

still have funding access (negative SMC×SMCap). On the other hand, bank concentration does

not have a clear inequality-worsening effect, as implied by the ambiguity of the sign of SMC×BC

term.

[INSERT Table 4]

In Table 5, the dependent variable is the income share of the top 1% (P99). The findings

are statistically significant and remarkably consistent across all specifications. The coefficient on

stock market concentration (SMC) is small but positive and significant at the 5% level, suggesting

that increases in the concentration of equity markets are directly related to rising income shares

at the very top of the distribution. Our results imply that highly concentrated stock markets

disproportionately benefit the wealthiest, most likely because they own a bigger share of financial

assets and are able to profit from large-capitalization gains.

In contrast, financial development (FD), which had a strong and significant negative effect on

Gini, is not statistically significant for the top 1%. This suggests that while financial advancements

can reduce broader income inequality, they may not be sufficient to counteract the disproportionate

gains enjoyed by the top 1% in highly concentrated markets. Finally, in terms of the interaction

terms, they continue to be statistically insignificant in this model, even though the results seem

to be less conclusive in this case.
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[INSERT Table 5]

Table 6 examines the relationship between stock market concentration (SMC) and the top 10%

income share (P90). These findings also indicate that stock market concentration is positively

and significantly associated with top-end income shares. Across nearly all specifications, the SMC

coefficient is positive and statistically significant (mostly at the 5% level). What is striking is the

the consistency in the effect size and statistical significance of stock market concentration across

P90 and P99, despite some differences in magnitude. This implies that stock market concentration

increases inequality not only through extreme elite capture (top 1%), but also through broader

upper-class wealthy (top 10%).

It should be noted that the effect of financial development (FD) remains statistically insignifi-

cant, similarly for the case of the top 1%. On the other hand, stock market capitalization (SMCap)

and stock market turnover (SMT) show small but statistically significant positive associations with

the top 10% income share, implying that broader and more active capital markets can also re-

inforce income concentration when structural conditions favor the wealthy. Finally, interaction

terms involving SMC and SMCap or BC remain statistically insignificant.

[INSERT Table 6]

Table 7 complements our earlier findings by showing the downward pressure that stock market

concentration places on the bottom 50% income share. Across all specifications, the coefficient

on stock market concentration (SMC) is negative and statistically significant, either at the 5% or

the 10% level. The results imply that as market concentration rises, income shifts away from the

bottom 50% toward the top deciles. This aligns with literature on rent extraction, capital-biased

technological change, and the decline in labor’s bargaining power.

Financial development (FD) is again insignificant in explaining variation in the bottom 50%
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income share. This suggests that while financial advancements may help reduce overall inequality,

as was observed in the Gini regressions, it may not directly improve the economic position of the

bottom half of the population.

[INSERT Table 7]

Table 8 extends findings of Table 4 by allowing for a nonlinear relationship between financial

development and income inequality, through the inclusion of a quadratic term for Financial De-

velopment (FD²). The results reinforce earlier evidence that stock market concentration (SMC)

is positively and significantly associated with higher income inequality (as measured by the Gini

coefficient). In all specifications, the SMC coefficient is statistically significant.

However, in contrary to the inverted-U relationship of inequality and financial development

shown in literature (Greenwood & Jovanovic, 1990; Haan & Sturm, 2017), our results suggest a

U-shaped relationship between financial development and inequality. While early financial devel-

opment is associated with reductions in inequality, possibly through expanded credit and financial

inclusion, more advanced financial systems tend to reinforce inequality. This may reflect the global

shift toward financialization during the post-1990 era, where gains from financial innovation and

market expansion accrue disproportionately to higher-income groups.

In terms of the interactions terms, the positive and weakly significant interaction between

SMC and bank concentration (column f) suggests that stock market concentration might be more

inequality-enhancing in countries where the banking sector is also highly concentrated.

[INSERT Table 8]
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5 Conclusions

This paper investigates the relationship between stock market concentration and income inequality

using a panel of 46 countries from 1989 to 2016. According to our findings, stock market concentra-

tion, as measured by the market capitalization share the top 10 firms, is positively associated with

rising income inequality. This relationship holds even after controlling for macroeconomic condi-

tions, financial development, and both country and time fixed effects. Furthermore, our results

are consistent and robust across different specifications for income inequality measures, including

the Gini coefficient and the rising income shares of the top 1%, top 10%, as well as the declining

income share of the bottom 50% of the population.

Our results suggest that equity market structures matter for distributional outcomes. Con-

centrated stock markets appear to disproportionately benefit top-income groups, likely due to the

concentrated ownership of financial assets and the disproportionate gains captured by shareholders

of dominant firms. In contrast, as stock market concentration increases, the income share of the

bottom half of the population declines, pointing to a pattern of redistribution from the bottom to

the top.

In terms of the role of financial development, we find that, while financial financial advance-

ments may help decrease income inequality at lower levels of development, their effect is not

uniformly progressive. In fact, when we take into account a non-linear relationship between fi-

nancial development and inequality, it appears to be U-shaped: early-stage development reduces

inequality, but more advanced systems tend to reinforce it. This result contradicts earlier find-

ings in the literature and may reflect post-1990s patterns of financialization, where innovation,

deregulation, and capital market expansion have disproportionately favored high-income groups.
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Appendix

Figure 1: Average Stock Market Concentration over time.

Figure 2: Residuals plot.

27



Table 1: Variable Definitions and Data Sources

Variable Description Data Source

Gini Gini index of income inequality WDI, World Bank
P99 Income share of the top 1% population World Inequality Database (WID)
P90 Income share of the top 10% population World Inequality Database (WID)
P50 Income share of the bottom 50% population World Inequality Database (WID)
SMC Stock Market Concentration (Top 10 firms, %) World Federation of Exchanges
SMCap Stock Market Capitalization (% of GDP) World Federation of Exchanges
BC Asset share of the three largest banks (%) WDI, World Bank
SMT Stock Market Turnover Ratio (%) World Federation of Exchanges
FD IMF Financial Development Index IMF/IFS Statistics
Savings Gross Domestic Savings (% of GDP) WDI, World Bank
Inflation Inflation rate (GDP deflator, annual %) WDI, World Bank
Trade Trade Openness (Trade as % of GDP) WDI, World Bank
GDP Growth GDP per capita growth (annual %) WDI, World Bank

Note: This table lists the key variables used in the empirical analysis, along with their corresponding descrip-
tions and data sources.

Table 2: Aggregate Summary Statistics

Variable Mean Std Dev. Min Max Obs

Gini 36.38 8.18 22.9 64.8 824
P99 0.142 0.0486 0.0361 0.3415 1551
P90 0.414 0.0979 0.2061 0.6695 1551
P50 0.1707 0.0512 0.0525 0.3245 1551
SMC 49.42 17.61 3.23 91.03 686
SMCap 82.15 136.08 0.023 1777.54 1174
BC 65.20 18.72 21.45 100.00 976
SMT 206.04 4860.33 1.13 165149.1 1154
FD 0.526 0.225 0.098 1.00 1551
Savings 24.51 8.83 4.31 64.73 1504
Inflation 22.54 227.79 -6.01 6261.24 1514
Trade 78.20 67.63 13.75 442.62 1504
GDP Growth 2.11 3.49 -14.49 23.44 1514

Note: This table reports summary statistics of the main variables used in the analysis for 46 countries between
1989 and 2016.
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